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 Collect HLA typing data from the past Ridge regression performed the best, but outliers show
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2. Machine Learning Model

e Develop models using sequences

e Use NetSurfP server to find solvent
accessible amino acids

e NetMHCIIpan to generate donor-
derived peptides and find strong
binding, significant peptides

Mean
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g/le?n Create a web application that holds the model, giving
A clinicians more information on significant peptide

targets and the risk of rejection
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